Multidimensional analytical framework for risky driving
behaviors of commercial vehicles using data cube and
interpretable machine learning techniques
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OLAP (Online Analytical Processing
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Concept hierarchies
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Data Preprocessing
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Data Preprocessing
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Accident Data
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Polygon Data
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Star schema
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Star schema
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Concept hierarchies
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Concept hierarchies
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Concept hierarchies
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Concept hierarchies
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Concept hierarchies L
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Concept hierarchies
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Experiments and resulit
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Experiments and resulit
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Experiments and resulit
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Experiments and resulit
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Time of Day vs. Frequency of Risky Driving Behaviors
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ts and result
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Experiments and resulit
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